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Report No: 

Meeting Date: 

Alameda-Contra Costa Transit District 

STAFF REPORT 

TO: AC Transit Board of Directors 

FROM: Michael A. Hursh, General Manager 

SUBJECT: FYlS/16 Ridership Trend Analysis 

BRIEFING ITEM 

RECOMMENDED ACTION(S): 

Consider receiving the report on FY15/16 Ridership Trend Analysis. 

EXECUTIVE SUMMARY: 

16-082 

April 27, 2016 

This report presents an analysis investigating factors affecting ridership in the current FYlS/16 
reporting year. Fiscal year-to-date (YTD) ridership (July 2015-Feb 2016) experienced a 1.8% 
decline over the previous year. Four consecutive months of declines were reported between 
October 2015 to January 2016. This report examines whether broader external/macro-economic 
factors such as low gas prices, unemployment levels, and increased rainfall had an effect on 
recent declines. A quantitative model is used to assess the correlations between ridership and 
these factors to identify explanatory variables of ridership. Results of a regression model found 
three internal and three external variables, that when combined; explain approximately 87% of 
the variability in ridership . Additional factors, not included in the model, are also discussed. 
Lastly, a peer agency comparison is presented to summarize broader trends within the transit 
industry which largely reflect declining bus transit ridership in the past year. 

BUDGETARY/FISCAL IMPACT: 

The plateauing of ridership did result in a 2% reduction in the fare box revenues for the mid-year 
fiscal year 2015-16 budget and will be considered as staff assembles the fiscal year 2016-17 
revenue budget. 

BACKGROUND/RATIONALE: 

Fiscal year-to-date (YTD) ridership (July 2015-Feb 2016) currently shows a 1.8% decline over the 
previous year. Within this period, four consecutive months of declines were reported between 
October 2015 to January 2016, with the steepest drop occurring in the month of January 2016. 
Due to the complexity of understanding all the factors affecting ridership levels, a quantitative 
model is used to assess the correlations between ridership and a set of internal/external factors 
to identify explanatory variables of ridership. 
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Methodology 

Staff discussed both internal and external factors likely influencing current ridership levels and 
recent trends. Internal factors included: ridership, missed trips, road calls, on-time
performance, load factor, customer complaints, fare revenue/clipper data, vehicle revenue 
hours. External factors included: jobs, unemployment, car ownership, auto sales, fuel costs, 
regional/state auto vehicle miles travelled, and weather (rainfall). 

Results 

Results of the analysis produced a regression model consisting of three internal factors (vehicle 
Revenue Hours, On-time-Performance, Missed Trips), and three external factors (Rain, Gas 
price, Unemployment Rate). These six factors explain 87% of the variability of the data. Rain 
was a significant predictor, and likely had a bigger impact in the month of January 2016 which 
had the greatest number of days of rainfall compared to the previous three years. Gas price 
elasticity of transit ridership has been well researched, and confirms short- and long-term 
elasticity effects of increasing gas price on attracting increased transit usage. Declining gas 
prices in 2015 saw a steady and ongoing trend that was believed to have a similar elasticity 
effect in drawing some transit users to auto usage. Strong auto sales in 2015 support this 
notion, along with a combination of strong auto demand and low fuel prices. 

The peer agency comparison found similar declining ridership trends both nationwide and 
statewide, and regional. According to American Public Transportation Association (APTA) 
quarterly ridership statistics, the aggregate for all bus agencies dropped 2.71% year-to-date 
over the previous year covering the first nine months of 2015. 

Analysis presented in this report provides a useful framework for understanding the impacts of 
both internal and external factors that affect ridership. While there is no control over external 
factors such as rainfall and gas prices, these are important variables to continuously monitor 
that will improve ridership forecasts. 

ADVANTAGES/DISADVANTAGES: 

There are no advantages or disadvantages associated with this report. 

ALTERNATIVES ANALYSIS: 

There are no alternatives associated with this report. 

PRIOR RELEVANT BOARD ACTIONS/POLICIES: 

None. 
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Prepared by: 

Michael Cannell, Executive Director of Planning and Engineering 

John Haenftling, Director, Project Control & Systems Analysis 
Robert Del Rosario, Director, Service Development and Planning 
Campbell Jung, Manager of Systems Analysis 
Zaric Wong, Statistical Data & Information Analyst 
Howard Der, Planning Data Administrator 



4 of 14

RIDERSHIP ANALYSIS AND METHODOLOGY 

BACKGROUND 

SR 16-082 
Attachment 1 

Fiscal 15/16 year-to-date ridership (July 2015 - Feb 2016) experienced a 1.8% decline 
over the previous year {Figure 1). Four consecutive months of declines occurred from 
October 2015 through January 2016. An analysis was conducted to determine the likely 
factors contributing to the recent declines. Due to the complexity of understanding all 
the factors affecting ridership levels, a quantitative model is used to assess the 
correlations between ridership and a set of internal/external factors to identify 
explanatory variables of ridership. 

It is hypothesized the recent declines in ridership were impacted by broader macro
economic trends such as falling auto gas prices, increasing auto usage, inclement 
weather, as well as newer service segments such as Transportation Network Companies 
{TNC's) attracting some riders away from current transit usage. Quantifiable external 
data were collected and included in the model for analysis. A set of internal 
performance measures were also included in the analysis to determine if any 
operational performance measures had an impact on ridership levels. Internal 
measures were also included as control variables to validate ridership. 

METHODOLOGY 

Data points from various sources were gathered for all variables of interest 
corresponding to the period of analysis from FY12/13 through February of the current 
Fiscal 15/16 reporting year. Staff discussed both internal and external factors likely 
influencing current ridership levels and recent trends. Combined with a literature 
review of transit ridership research, a set of quantifiable variables were identified to be 
included in this analysis. 

Internal factors: 

• Ridership by service type, Seasonal patterns, Missed Trips, Road Calls, On-Time
Performance (OTP), Load Factor, Customer Complaints, Fare Revenue/Clipper 
data, Vehicle Revenue Hours 

External Factors: 

• Jobs, Population, Unemployment, Car ownership, auto sales, fuel costs, 
regional/state auto vehicle miles travelled, weather (rainfall) 

Excluded variables: 

• Existing research provides empirical support of fare price elasticity effects of 
ridership. This variable is excluded as the base fare has not changed during the 
period used in this analysis. 

I 
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Control variables: 

• Fare revenue is included in the correlation analysis as a control variable to 
validate APC ridership. 

Data sources: 

• Monthly data points were gathered for all internal/external variables covering 
FY12/13 through the present reporting year. Internal measures came from 
internal databases while external measures came from various 
government/transit and data websites including National Transit Database 
(NTD), American Public Transportation Association (APTA), Metropolitan 
Transportation Commission (MTC), and Bureau of Labor Statistics (BLS). 

Statistical procedures: 

• Time series modeling - uses historical monthly ridership to identify seasonal 
patterns, explore underlying trends and forecast monthly ridership 

• Correlation matrix - identifies statistical correlations between variables of 
interest and explanatory variables that predict ridership 

• Regression model - incorporates variables of significance to explain their 
importance in predicting ridership 

RESULTS 

Time Series Model 
A Time Series Model was used to generate the current ridership forecasts. This 
modeling technique relies on historical monthly ridership figures to discover the 
underlying ridership trend and seasonality factors to help forecast monthly ridership 
projections. This method provides indicators of expected high and low ridership ranges 
that take into account seasonal ridership patterns, and identifies abnormalities or shifts 
in the underlying ridership pattern. Through this approach, the statistical indicators 
pointed to a reversal in the upward ridership trend due to recent months of declines. 
While this method is useful for forecasting ridership, it does not provide any causal 
explanations to help explain what other factors are contributing to ridership trends. For 
that purpose, we turn to correlation and regression modeling to answer these 
questions. 

Correlation Matrix 
A Correlation Matrix was generated for analyzing correlations between variables. This 
matrix presents scatterplots, histograms, and correlation coefficients to determine if 
any significant relationships exist between Ridership and each of the independent 
variables. Correlation coefficient values range from a value of-1.0 to +1.0. 
Positive values indicate a positive correlation and negative values indicate a negative 
correlation, with values approaching -1 or +l representing stronger correlations. 

2 
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Statistically significant correlations are designated by an asterisk level. General 
observations are summarized in Table 1: Bivariate Correlations below. 

Table 1: Bivariate Correlations 
Dependent Var. Independent Var. Correlation Coefficient 
Ridership (APC) Fare Revenue 0.76*** 

VRH 0.4* 
MBRC 0.42* 
OTP -0.34* 

Max Load 0.4* 
Missed Trips -0.40** 

Customer Complaints 0.28 n.s. 
Unemp Rate -0.44** 

Rain -0.27 n.s. 
Gas Price -0.13 n.s. 

Note:*,**,*** indicate statistical significance at .05, .01, .001 levels; n.s. 
indicates 'not significant' 

As expected, ridership correlates strongly with fare revenues (0.76), with recent dips in 
fare revenues corresponding to the ridership declines. Vehicle Revenue Hours (VRH) 
shows a positive correlation with ridership (0.40), acting as a supply side variable. When 
significant amounts of service hours are added, it is expected to contribute to total 
ridership. Monthly VRH was relatively stable during the period of analysis. Miles 
between roadcalls (MBRC) (0.42) and Max Load (0.4) correlated positively with 
Ridership. On-time-performance (OTP) (-0.34) and Missed Trips (OC) (-0.4) have 
negative correlations with Ridership, ie., OTP is affected when carrying higher loads 
which prolongs dwell time. Also, the fewer the missed trips, the more vehicles are 
available to carry passengers and increase ridership. Customer complaints had a weak 
positive correlation with ridership (0.28) but was not significant. 

Among the external variables, unemployment rate has a moderate negative correlation 
with ridership (-0.44). This can be seen from the past few years of the declining 
unemployment rate correlating with growing ridership. Rainfall (-0.27) and Gas Price (-
0.13) had weak negative correlations with ridership but the coefficients were not 
significant. However, existing literature have also cited some evidence to consider these 
variables and their effects on ridership. These variables are examined in more detail by 
incorporating them into the regression model. 

Regression Model 
The regression model, based on relevant variables from the Correlation Matrix, identify 
causal factors that predict ridership. The focus was on external variables to examine the 
likely effects on ridership contributed by macro-economic factors. The resulting model 
follows the form: 

3 
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Y = 9.421e+06 + 2.627e+Ol(VRH}-1.142e+07(0TP)- 3.750e+02(0C) + 2.685e+05(Gas) -
3.521e+04(Rain) -2.774e+07(UnempRate) 

The above model predicts ridership with an adjusted R2 value of 0.867, p < 0.01, 
indicating that 86. 7% of the variance in ridership can be attributed to just 6 variables: 
VRH, OTP, Missed Trips, Gas, Rain, and Unemployment. The regression parameters were 
adjusted to exclude older data and include only more recent ridership figures covering 
the past 20-24 month period. Under these parameters, rain and gas price yielded 
statistically significant contributions toward the regression model in predicting overall 
ridership levels. Rain is a significant contributor in recent months given the increase in 
rainfall this past winter, in particular, during the month of January 2016 which had the 
steepest year-over-year decline in ridership. Past studies have found support among 
other agencies where rain or other severe weather can reduce ridership levels during 
that period [1]. 

Auto gas prices have followed a declining trend that began around summer of 2015 
through the end of the year and only recently stabilized. In line with existing literature, 
studies have shown when gas prices started climbing to historic levels in years past, 
transit ridership gained a significant share of new riders as consumers shifted away from 
auto usage. Under falling gas prices, the research is more limited. There are 
assumptions that gas price elasticity on transit ridership is greater for increasing gas 
prices in contrast to falling gas prices, where low gas prices can attract a small share of 
transit riders back to auto usage (non-constant elasticity) [2]. Given recent low levels of 
gas prices, a small share of transit riders may have been drawn away from transit usage 
and into auto usage. Annual car sales numbers from the past few years have shown 
year over year growth in sales in California, with strong sales in 2015 amidst low fuel 
prices and strong auto demand [3]. 

4 
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Chart 1: Gas Price Trend 
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Route-level analysis 
A separate route-level analysis was performed for the four months showing total 
ridership year-over-year declines. The analysis found ridership declines relatively spread 
out across various routes. There was a good mix of lines that showed ridership gains in 
some, and declines in others. A key indicator under the current ridership sampling 
shows the average passengers per trip sampled has seen a slight but consistent drop 
compared to the previous year. Aside from the route-level analysis, another factor that 
affects monthly total ridership changes is the differences in the number of weekdays 
compared to the prior year. It is significant in shifting the numbers by a few percentage 
points. For example, January 2016 had 19 weekdays compared to 21 weekdays in 
January 2015. The difference in two weekdays accounted for approximately 4% of the 
total percentage drop reported in January. 

Peer-agency comparison 
A peer-agency review was included to understand the current ridership trends among 
peer agencies and within the transit industry in general. Comparing the ridership level 
posted by APTA year-to-date through Q3 2015, there has been a general decline 
statewide and nationwide. Through September a majority of transit agencies haven a 
decline in ridership from 2014 to 2015 (Figure 2). The aggregate for all bus agencies 
dropped 2.71% YTD over the previous year, covering the first 9 months of 2015. At a 
regional level, the ridership trends are similar across the different agencies. Figure 3 
shows how the ridership compares between the four Bay Area agencies in 2015 : SFMTA, 
AC Transit, Santa Clara VTA, and SamTrans. The trends across the four agencies are 
fairly similar proving the current drop in ridership is not isolated to AC Transit alone. 
The region as a whole has been affected by external factors. Broader economic trends 
within the region will continue to influence ridership levels, including the current 
strength of the local job market, and the current historic highs of the housing/rental 

5 
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market prices that will see a mix of new incoming residents, and an 
outflow/displacement of existing residents. 

Car-sharing and Transportation Network Companies (TNC) 
Though car sharing services have been around for a while now, TNCs like Uber and Lyft 
have sprung up in recent years and its current and future impacts on transit ridership 
will need to be closely monitored. Data on TNC's were limited to external sources and 
research on these companies. Their services appear to have a direct impact on existing 
taxi industry with a recent study estimating an impact of 10-40% reduction in the taxi 
market share from services like Uber [4]. Actual impacts to public transit have yet to be 
quantified and likely vary by population size, demographic, geographic and other 
factors. Another source cited results of a sample of TNC users in San Francisco skewed 
towards young and affluent, where TNC's likely both compete with and complement 
mass transit [SJ. A recently published APTA study identified the high TNC demand 
during the peak off hours between lOpm and 4am on weekends when public transit is 
often unavailable [6]. The study noted a key finding that users of ride-sourcing services 
are more likely to "use public transit, own fewer cars, and spend less on transportation 
overall". TNC's have a complementary impact to public transit under these 
circumstances, where these services help to address the first mile/ last mile issues 
transit agencies deal with. 

DISCUSSION 

Ridership analysis was carried out to examine whether current macro-economic factors 
can help explain the recent trends in monthly ridership levels. Results from a regression 
model confirmed that external factors play a significant role in affecting ridership levels. 
Three external variables - Gas price, Rain, and Unemployment Rate, combined with OTP 
and VRH and OC produce a statistically significant model that explains 86.7% of the 
variability in monthly ridership figures. This provides a useful framework for 
understanding the influences of external factors coupled with internal operational 
metrics to monitor its effects on ridership trends. While there is no control over 
external factors such as rainfall and gas prices, these are important variables to 
continuously monitor for improving ridership forecasts that are largely dependent on 
external factors. At the same time, many internal metrics affect our service levels and 
service reliability that can be evaluated, with improvements made to maintain current 
ridership levels and stimulate more growth. 

****************************************************** 

6 



10 of 14

EXPLANATION OF VARIABLES 

This section presents a brief description of each of the variables included for analysis 

• Ridership (APC) is the dependent variable. Reported monthly based on 
Automatic Passenger Count (APC) sampling 

• Fare Revenue (FareRev): control variable, included as a validation measure, 
expected to correlate positively with Ridership 

• Vehicle Revenue Hour (VRH): supply side variable, reflects the amount of service 
offered; expected to correlate positively with Ridership 

• On-time Performance (OTP): on-time performance expected to have negative 
correlation with Ridership, e.g., lower OTP figures correlate with higher Ridership 
numbers 

• Missed Trips (OC): Missed trips due to outlate/cancellations directly affect the 
amount of scheduled service trips operated. Negative correlation expected, i.e., 
fewer missed trips results in higher ridership 

• Max Load (MaxLoad): maximum passenger vehicle load based on APC 
boardings/alightings 

• Miles between Roadcalls (MBRC): Higher MBRC reflects greater service 
reliability, independent of ridership 

• Customer Complaints: number of monthly complaints received 

• Gas Price (Gas): Numerous research studies have shown the effects of auto gas 
prices (increases) in driving consumers to use public transit. Fewer studies have 
shown whether the effects show constant elasticity when gas prices decrease 
and consumers opt for auto usage instead of public transit. 

• Rain: Several research studies have examined the effects of weather on transit 
ridership. Results vary by mode and geographic locations, in many cases 
showing that rain/snow/extreme weather conditions is negatively correlated 
with transit ridership, i.e., lowering transit ridership usage. 

• Unemployment Rate (UnempRate): monthly unemployment rate (%) 

7 
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FIGURES AND CHARTS 

Figure 1: Monthly Ridership 
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Figure 2: Peer Agency Review: % Change Year-over-year (2014- 2015) 

Agency Jan Feb Mar Apr May Jun Jul Aug Sep YTD%Change 
NY New York MTA New York City Transit -2.57% ·1.29% ·3.04% -2.27% -4.76% -2.35% ·3.18% -2.41% -7.25% ·3.18% 
CA Los Angeles Los Angeles County MTA -7.50% -4.17% -4.21% ·6.26% -9.38% -1.41% -3.24% -5.62% -4.41% ·4.89% 
IL Chicago Chicago Transit Authority 3.96% -3.75% -0.35% -1.71% -3.96% 3.52% 1.25% 0.02% ·2.30% -0.39% 
NJ Newark New Jersey Transit Corp -2.14% 1.82% 0.52% 0.45% -2.37% 1.64% -0.47% -1.42% -2.02% ·0.45% 
PA Philadelphia Southeastern Penn TA 1.59% 3.04% -2.31% ·0.18% 2.39% 4.33% ·4.74% -7.58% ·10.04% -4.08% 
DC Washington Washington Metro Area TA -2.72% -6.68% 1.84% ·1.58% -3.80% -0.90% -2.63% -2.64% -4.33% ·2.47% 
WA Seattle King County Dept ofTrp 0.41% 1.83% 2.24% 0.96% -0.47% 4.03% 2.34% 3.10% -0.09% 1.56% 
MA Boston Massachusetts Bay Tr Auth -9.40% ·26.24% -3.57% -4.83% ·5.14% 1.47% ·0.33% -1.36% ·1.78% ·3.79% 
CA San Francisco San Francisco Muni Rwy -6.04% -3.93% -3.31% · 6.81% -7.11% ·1.72% 2.31% 4.69% 6.37% -1.51% 
CO Denver Regional Trp District -2.05% ·0.19% 3.53% ·1.06% -5.78% 0.93% ·1.75% ·1.93% ·1.16% -1.01% 
MD Bal timore Maryland Transit Ad min 4.36% -0.64% 5.38% 1.34% 1.32% 4.01% -2.75% -4.19% ·6.12% 0.32% 
TX Houston Metro Tr Auth of Harris Co ·1.14% -3.68% ·1.69% ·3.76% ·11.01% -4.57% -4.78% 0.66% -4.25% -3.59% 
OR Portland Tri-County Metro Trp Dist 0.92% 5.67% 3.63% ·0.18% ·3.27% 2.15% -0.05% ·1.53% ·1.01% 0.70% 
MN Minneapolis Metro Transit -2.64% · 12.11% ·11.38% ·13.32% -17.22% -6.61% -7.63% -12.07% ·4.37% ·8.84% 
GA Atlanta Metro Atlanta Rapid Tr Auth 11.29% 4.25% 8.28% 7.67% ·3.80% ·1.48% -1.66% ·5.23% ·1.92% 0.92% 
CA Oakland Alameda-Contra Costa TD ·1.98% ·1.53% 2.02% 2.31% ·5.06% -0.11% 2.98% 0.11% 0.72% -0.02% 
PA Pittsburgh Port Auth of Allegheny Co 10.45% 0.62% 6.71% 3.49% 0.28% 7.88% 3.41% ·3.61% ·3.33% 3.01% 
CA San Diego San Diego Metrop Transit Syst 2.70% 9.45% 7.83% 8.18% ·0.20% 5.23% 3.95% 3.91% 4.19% 5.34% 
CA Orange Orange County Transp Auth -6.61% -1.16% · 1.86% -4.67% · 10.16% -4.15% ·5.84% -6.02% ·7.88% ·5.07% 
FL Fort Lauderda le Broward County Transit 0.22% -6.17% ·0.22% ·4.67% -6.95% 0.29% ·2.47% -8.35% ·7.13% ·3.73% 
TX San Antonio VIA Metropolitan Transit -7.58% 0.68% ·4.33% ·4.39% ·11.12% ·5.78% ·2.86% -8.77% -6.72% -5.34% 
AZ Phoenix City of Phoenix PTD -5.14% ·3.70% ·1.72% -2.76% -5.87% 0.23% ·0.76% -3.51% -3.01% ·2.88% 
OH Cleve land Greater Cleveland Reg TA 5.04% ·12.05% 1.29% -0.04% ·5.38% -6.96% -6.67% -10.39% ·8.81% -4.52% 
TX Dal las Dallas Area Rapid Transit -8.35% -8.71% · 2.88% -4.84% -7.06% ·2.51% 0.84% ·5.31% -7.82% -4.87% 
WI Milwaukee Milwaukee County Tr Sys ·18.03% ·32.21% ·15.49% · 23.33% -26.03% ·11.66% -28.45% ·8.91% ·19.10% -16.73% 
CA San Jose Santa Clara Valley Trp Auth ·2.93% 1.40% 4.37% 2.90% -1.53% 5.32% 5.20% 1.35% 3.75% 2.29% 
FL Orlando Central Florida RTA 1.26% -4.70% 1.47% 1.45% ·5.63% -3.88% ·4.31% -8.49% -7.54% ·3.20% 
CA Long Beach Long Beach Transit ·3.54% 1.07% -3.63% -0.13% ·1.49% ·1.87% -11.19% ·9.26% ·11.19% -4.17% 
MO Saint Louis Bi-State Dev Agency 1.89% -7.63% -4.51% ·4.72% ·11.52% ·5.58% -7.40% ·5.66% ·6.56% ·5.44% 
IL Arlington Heights PACE Suburban Bus 2.03% · 11.90% -4.17% -8.86% ·11.29% ·3.62% ·6.54% ·2.95% ·5.14% ·5.45% 
MD Rockville Montgomery County Ride-On 0.48% ·2.29% 3.77% -1.86% -12.43% ·3.86% -3.94% -7.01% -4.38% ·3.44% 
Ml Detroit City of Detroit Dept of Trp 9.48% ·18.30% ·0.77% -8.95% ·12.10% ·0.56% 2.15% 7.52% 6.16% -0.98% 
CA Santa Monica Santa Monica's Big Blue Bus 16.15% 13.62% 5.45% -13.80% -30.50% · 1.13% -7.78% 4.60% -1.43% -1.57% 
OH Columbus Central Ohio Transit Auth 3.48% ·2.89% 1.85% 0.92% ·4.38% ·0.52% -1.34% ·1.96% ·3.36% -0.92% 
OH Cincinnati Southwest Ohio RTA 4.99% -11.99% -3.66% -1.31% -5.83% ·1.39% ·2.56% 0.25% -4.76% -2.76% 
VA Hampton Hampton Roads Transit 9.61% ·33.30% -2.19% -6.10% -11.83% -9.62% -10.87% ·16.31% -12.84% ·9.03% 
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Figure 3: Regional Ridership Comparison 

Regional Comparison (2015) 
10,000.00 

9,000.00 

8,000.00 

7,000.00 

I 6,000.00 - CA San Francisco San Francisco Muni Rwy 

t 5,000.00 

r 4,000.00 .. ... 

- CA Oakland Alameda-Contra Costa TD 

- CA 5.in Jose Santa Clara Valley Trp Auth 

- CA 5.in Mateo Sam Trans 

3,000.00 

2,000.00 

1,000.00 

0.00 

15-Jan 15-Feb 15-Mar 15-Apr 15-May 15-Jun 15-Jul 15-Aug 15-Sep 

Month 

Agency (Ridership 1000) 15-Jan 15-Fe b 15-Mar 15-Apr 15-May 15-Jun 15-Ju l 15-Aug 15-Sep 
CA San Francisco San Francisco Muni Rwy 7,635.80 7,179.20 8,235.20 7,976.50 8,022.80 7,838.90 8,355.00 8,631.80 8,667.60 
CA Oak land Alameda-Contra Costa TD 4,497.50 4,304.20 4,871.60 4,894.90 4,627.10 4,470.50 4,487.80 4,423.50 4,835.70 
CA San Jose Santa Clara Valley Trp Auth 2,658.10 2,594.90 3,003.50 2,895.10 2,824.70 2,790.10 2,703.50 2,738.90 2,938.50 
CA San Mateo Sam Trans 1075.73 1029.71 1171.84 1121.78 1120.89 1024.25 1010.4 1075.67 1194.47 

Agency (Ridership 1000) 14-J an 14-Feb 14-Mar 14-Apr 14-May 14-Jun 14-Ju l 14-Aug 14-Sep 
CA San Francisco San Francisco Mun i Rwy 8,097.20 7,461.30 8,507.70 8,519.40 8,593.50 7,973.70 8,161.60 8,226.90 8,115.40 
CA Oakland Alameda-Contra Costa TD 4,586.50 4,370.00 4,773.10 4,781.70 4,861.30 4,475.20 4,354. 20 4,418.60 4,801.00 
CA Sa n Jose Santa Clara Valley Trp Auth 2,736.00 2,558.70 2,872.10 2,811.20 2,867.90 2,641.70 2,563.00 2,701.80 2,828.30 
CA San Mateo Sam Trans 1069.48 969.53 1103.61 1091.19 1138.75 1003.32 1009.99 1086.46 1205.75 

Agency(% Change 2014-2015) Jan Fe b Mar Apr May Jun Jul Aug Sep 
CA San Francisco San Francisco Muni Rwy 0.06 0.04 0.03 0.07 0.07 0.02 0.02 0.05 0.06 
CA Oakland Alameda-Contra Costa TD 0.02 0.02 0.02 0.02 0.05 0.00 0.03 0.00 0.01 
CA San Jose Santa Clara Valley Trp Auth 0.03 0.01 0.04 0.03 0.02 0.05 0.05 0.01 0.04 
CA San Mateo Sam Trans 0.01 0.06 0.06 0.03 0.02 0.02 0.00 0.01 0.01 
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